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Analysis of Distribution of Research Strengths and Hotspots
in the Artificial Intelligence Field from the Perspective of the
International Top Conference

CAO Yan, SHI Ying-zhao, ZENG Wen

(Institute of Scientific and Technical Information of China, BeilJing

100038)

Abstract: Artificial intelligence is one of the frontier fields of science and technology development in the

present age. This article focuses on the state of high qualitity conference papers in the field of artificial intelligence

in recent ten years and analyzes the papers of IJCAI from 2009 to 2019 covered by EI database using bibliometrics

and visualizational methods mainly from the perspective of such as relevant countries, research institutions,

researchers and research hotspots, and compares the research hotspots of China and the United States. We discover

that the global research in the field of artificial intelligence had already entered a stage of speed development and

the research in China developed rapidly, a large number of outstanding young chinese researchers have emerged;

Cooperationbetween international research institutions possesses significant regional characteristics; The hot

spots of high qualitity conference papers in the field of artificial intelligence focus on semantics, deep learning,

neural network and machine learning. China and America keep generally consistent in research fields, however the

focusing points are a little different. The analysis results or conclusions of this paper can provide reference for the

development strategy and frontier technology research direction of artificial intelligence in China.
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